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Short Abstract

Optimal scheduling of resources is essential on GPU-based servers that are suitable for parallel tasks. These resources usually have a high speed and
therefore have a high cost. In order to make optimal use of these resources, service providers must be able to choose the best type of virtual machine,
the best type of GPU processor, and the best number of this type of processor for each request. Such a problem is called an optimization problem. The
present article, while modeling the resource allocation problem as a linear optimization problem, presents a new method for distributing requests. The
proposed method uses a central queue and then distributes requests among several local queues using a new request distribution method. Then it
schedules and executes the tasks in each local queue in parallel. Scheduling in each local queue determines, for each request: (1) the best type of virtual
machine, (2) the best type of GPU processor, and (3) the best number of GPU processors. The comparison of the proposed method with the latest
available methods shows a decrease in execution time, a decrease in response time, and a significant decrease in the cost of using resources in the
proposed method.
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1-  Short Introduction

GPU servrs can run paralle jobs like machine learning traing tasks. The execution time of these types of tasks is highly variable and cannot be determined
due to the possibility of changing various features. For this reason, it is usually prophesied. Scheduling tasks that do not have a definite execution time
is very necessary and challenging. The method proposed in this article seeks to formulate the scheduling problem of these tasks with the aim of reducing
the cost and reducing the delay time.

2-  Proposed Work and Methodology

The problem of scheduling tasks related to machine learning training was investigated in this article and formulated with the aim of reducing cost and
reducing delay time. In order to reduce the response time and save the used resources, a distributed scheduling method was presented. In this method,
requested tasks were placed in a central queue and then gradually and using methods were transferred to local queues to be executed in a parallel and
distributed manner.

3-  Conclusion
GPU servrs can run paralle jobs like machine learning traing tasks. The proposed method for task scheduling was able to use less time for execution
and less resources compared to the existing hierarchical method, which reduced the scheduling cost.
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